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Abstract: The computer approach to the investigation of estimation methods and
statistical tests is considered as an effective technique for developing apparatus of ap-
plied mathematical statistics. It has been shown that basing on the considered approach
and software system one can investigate statistical properties of estimates for distri-
bution parameters including estimates by grouped and censored samples. The statistic
distributions of nonparametric goodness-of-fit tests in testing composite hypotheses
have been investigated. The statistic distributions and the power of χ2 goodness-of-fit
tests have been investigated depending on the number of intervals and the grouping
method. A number of tests for deviation from the normal distribution law have been
investigated. Homogeneity tests (for testing hypotheses about equality of means, equal-
ity of variances and homogeneity of distributions) have been studied. Various classical
tests have been investigated in case of non-normal distributions of observations.
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32.1 Introduction

The practice of using statistical analysis methods in applications is full of various prob-
lems whose statements are not described within the framework of classical assumptions.
A wide range of statistical methods are based on the assumption of measurement error
normality. Under real conditions normality and often some other assumptions are not
satisfied. The use of classical methods of mathematical statistics in such situations can
turn out to be incorrect.

Many classical results have an asymptotical nature. At the same time in practice
one usually works with samples of a limited size. The application of asymptotical results
is not always valid for limited sample sizes.

The form of data (measurements) registration doesn’t often conform to complete
samples considered in mathematical statistics textbooks. Actually, samples of
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observations can be grouped, censored, partially grouped or interval. Mathematical
techniques must give an ability to analyze data in any form and must take into account
this form and not to neglect it.

As a rule revealing fundamental statistic regularities in nonstandard conditions is
a complicated problem for researchers. And the analytical methods for investigating
properties of statistical estimates and test statistic distributions are very difficult and
as a result of their complexity don’t allow researchers to solve a great number of prob-
lems. The best way out is to use the numerical approach that is computer modeling
of statistical regularities under conditions which simulate some real situations of mea-
surement taking. Then mathematical models approximating the regularities obtained
are constructed. Such an approach allows us to obtain good results in dealing with
problems which are difficult to solve by analytical methods only. That is why com-
puter simulation methods for statistical regularity analysis are becoming more and
more popular.

This paper is devoted to the consideration of results obtained in various chapters
of applied mathematical statistics with usage of the developed computer approach
and software system meant for research of statistical regularities and statistical data
analysis.

32.2 The Investigation of Parameter Estimates Properties

It has been shown in [Lem97a, Lem97b] that the usage of data grouping in tasks of
distribution model identification enables to obtain robust estimates, eliminating an in-
fluence of gross measurement errors existed in samples. And the usage of asymptotically
optimal grouping, for which losses of the Fisher information are minimized, enables to
obtain estimates with good asymptotical properties.

The Fisher information losses caused by sample censoring have been considered
in [LGP01, Lem01]. It has been shown that in some cases even for the considerable
censoring degree the losses of the Fisher information induced with censoring of samples
are not large. This enables to obtain rather good estimates of distribution parameters.
The distributions of maximum likelihood estimates (MLE) of distribution parameters
by censored samples have been investigated by computer simulation methods for various
censoring degrees and various sample sizes. It has been shown that for the limited
sample sizes the distribution of MLE turns out to be asymmetric and MLE is biased.
The distribution laws frequently used in “life time” data analysis, such as lognormal,
exponential, gamma, Rayleigh, Weibull, and other distributions have been considered.

32.3 The Investigation of Nonparametric Goodness-of-Fit Test
Statistic Distributions

In composite hypotheses testing of the form H0 : F (x) ∈ {F (x, θ), θ ∈ Θ}, when the
estimate θ̂ of the scalar or vector distribution parameter F (x, θ) is calculated by
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Figure 32.1. The Anderson–Darling statistic distributions for testing composite hypotheses
with calculating MLE of two law parameters

the same sample, the nonparametric goodness-of-fit Kolmogorov, ω2 Cramer–Mises–
Smirnov, Ω2 Anderson–Darling tests lose the free distribution property [KKW55]. In
this case the conditional distribution law of the statistic G(S |H0 ) is affected by a
number of factors: the form of the observed law F (x, θ) corresponding to the true
hypothesis H0; the type of the parameter estimated and the number of parameters
to be estimated; sometimes, it is a specific value of the parameter (e.g., in the case
of gamma-distribution and beta-distribution families and others); the method of pa-
rameter estimation [LP99]. The distinctions in the limiting distributions of the same
statistics in testing simple and composite hypotheses are so significant that we can-
not neglect them. For example, Fig. 32.1 shows distributions of the Anderson–Darling
statistic while testing the composite hypotheses subject to various laws using maximum
likelihood estimates (MLE) of two parameters.

Figure 32.2 illustrates the dependence of Kolmogorov test statistic distribution upon
the type and the number of estimated parameters by the example of Su-Jonson law.

In our research [LP99,LP98a,LP01,Rec02ii,LM04a,Lem04,DELT04,LL09a,LNS09,
LL09b, LL09c] statistic distributions of the nonparametric goodness-of-fit tests have
been investigated by the methods of statistical simulating. Then basing on the obtained
empirical statistic distributions we have constructed approximate analytical models of
the statistic distribution laws. Table 32.1 contains a list of distributions relative to
which we can test composite goodness-of-fit hypotheses using the constructed approx-
imations of the limiting nonparametric statistic distributions.

One can use the models presented in [DELT04, LL09a, LNS09, LL09b, LL09c] in
tasks of statistical data analysis, beginning from the sample size n > 25 and using the
maximum likelihood estimates of unknown parameters.
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Figure 32.2. The Kolmogorov statistic distributions for testing composite hypotheses with
calculating MLE of Su-Jonson distribution law parameters

32.4 The Investigation of Statistic Distributions and the Power
of χ2 Tests

It has been shown in [DL79] that the less information losses caused by grouping are,
the higher power of χ2 tests (the Pearson χ2 test and the likelihood ratio test) for close
competing hypotheses.

Information losses can be decreased by selecting boundary points so, that JG(θ)
tends to the information matrix for nongrouped data J(θ), i.e. by solving asymptotically
optimal grouping problem.

In case of scalar parameter, the problem reduces to the maximization of Fisher
information quantity for grouped sample

max
x(1)<x(2)<···<x(k−1)

k∑

i=1

(
∂ ln Pi (θ)

∂θ

)2

Pi (θ) = max
x(1)<x(2)<···<x(k−1)

JG (θ) .

And in case of vector parameter various functionals of the Fisher information matrix
can be chosen.

D-optim: the determinant of information matrix is maximized with respect to the
boundary points

max
x0<x1<...<xk−1<xk

detJG(θ)

(asymptotically D-optimal grouping problem).
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Table 32.1. Random variable distribution laws

Random variable Density function Random variable Density function
distribution f(x, θ) distribution f(x, θ)

Exponential 1
θ0

e−x/θ0 Laplace 1
2θ0

e−|x−θ1|/θ0

Seminormal 2

θ0
√

2π
e−x2/2θ2

0 Normal 1

θ0
√

2π
e
− (x−θ1)2

2θ2
0

Rayleigh x
θ2
0
e−x2/2θ2

0 Log-normal 1

xθ0
√

2π
e−(ln x−θ1)2/2θ2

0

Maxwell 2x2

θ3
0
√

2π
e−x2/2θ2

0 Cauchy θ0
π[θ2

0+(x−θ1)2]

Random variable distribution Density function f(x, θ)

Logistic π

θ0
√

3
exp

{
−π(x−θ1)

θ0
√

3

}/[
1 + exp

{
−π(x−θ1)

θ0
√

3

}]2

Extreme-value (maximum) 1
θ0

exp
{
−x−θ1

θ0
− exp

(
−x−θ1

θ0

)}

Extreme-value (minimum) 1
θ0

exp
{

x−θ1
θ0

− exp
(

x−θ1
θ0

)}

Weibull θ0xθ0−1

θ
θ0
1

exp

{
−

(
x
θ1

)θ0
}

Sb- Johnson Sb(θ0, θ1, θ2, θ3)
θ1θ2

(x−θ3)(θ2+θ3−x)
exp

{
− 1

2

[
θ0 − θ1 ln x−θ3

θ2+θ3−x

]2
}

Sl-Johnson Sl(θ0, θ1, θ2, θ3)
θ1

(x−θ3)
√

2π
exp

{
− 1

2

[
θ0 + θ1 ln x−θ3

θ2

]2
}

Su-Johnson Su(θ0, θ1, θ2, θ3)
θ1√

2π
√

(x−θ3)2+θ2
2

× exp

{
− 1

2

[
θ0 + θ1 ln

{
x−θ3

θ2
+

√(
x−θ3

θ2

)2

+ 1

}]2}

Gamma-distribution γ(θ0, θ1, θ2)
1

θ
θ0
1 Γ (θ0)

(x − θ2)
θ0−1 e−(x−θ2)/θ1

Double-exponential θ0
2θ1Γ (1/θ0)

exp

{
−

(
|x−θ2|

θ1

)θ0
}

Beta-distribution of the I type 1
θ2B(θ0,θ1)

(
x
θ2

)θ0−1 (
1 − x

θ2

)θ1−1

Beta-distribution of the II type 1
θ2B(θ0,θ1)

[x/θ2]θ0−1

[1+x/θ2]θ0+θ1

Generalized Weibull θ0
θ1

θθ0
2 xθ0−1

(
1 +

(
x
θ2

)θ0
) 1

θ1
−1

e
1−

(
1+

(
x
θ2

)θ0
) 1

θ1

Inverse Gaussian
(

λ
2πx3

)1/2
exp

(
−λ(x−μ)2

2μ2x

)

A-optim: the trace of information matrix is maximized with respect to the boundary
points

max
x0<x1<···<xk−1<xk

SpJG(θ)

(asymptotically A-optimal grouping problem).
E-optim: the minimal eigenvalue of information matrix is maximized with respect

to the boundary points

max
x0<x1<···<xk−1<xk

min
i=1,r

λi (JG(θ))

(asymptotically E-optimal grouping problem).
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Figure 32.3. Distributions of Pearson’s statistic X2
n in testing simple hypothesis H0 if the

hypothesis H1 is true depending on the grouping method with k = 9 and n = 500

Optimum: the ν is maximized with respect to the boundary points

max s
x(1)<x(2)<···<x(k−1)

= max
x(1)<x(2)<···<x(k−1)

(
n

k∑

i=1

(Pi(θ1) − Pi(θ))
2

Pi(θ)

)
.

The tables of asymptotically D-optimal grouping for rather wide range of dis-
tribution laws which are most frequently used in applications were constructed
previously [DLT93]. At the present time we have solved the problems of A- and
E-optimal grouping for a number of distributions. The tables of asymptotically
optimal grouping which can be used in estimating distribution parameters by
grouped samples and in testing goodness-of-fit have been constructed. The use of
asymptotically optimal grouping tables ensures the maximal power of χ2 tests for
close competing hypotheses. In Fig. 32.3, there are the Pearson χ2 test statistic dis-
tributions in testing simple hypothesis of goodness-of-fit to the normal distribution
H0 : f(x) = 1

θ0
√

2π
exp

{
− (x−θ1)

2

2θ2
0

}
, θ0 = 1, θ1 = 0, in case of the true competing

hypothesis H1 : f(x) = π
θ0

√
3

exp
{
−π(x−θ1)

θ0
√

3

}/[
1 + exp

{
−π(x−θ1)

θ0
√

3

}]2

, θ0 = 1, θ1 = 0

(logistic distribution), in dependence on the grouping method.
It has been shown for the first time that there is an optimal number of intervals k

depending on sample size, concrete alternatives and a way of grouping. The optimal
number of intervals k depends on the sample size n and on the concrete pair of com-
peting hypotheses H0 and H1. As a rule, the optimal k turns out to be significantly
less than values recommended by a number of empirical formulas for the choice of k.
In Fig. 32.4 the power functions of the Pearson χ2 tests are represented depending on
the interval number k in case of D-, A-, and E-optimal grouping in simple hypothesis
testing, for n = 200 (H0 : normal distribution; against H1 : logistic distribution).
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various grouping methods, n = 200, in case of testing H0: normal distribution against H1:
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The results of investigating [Lem97c, Lem98, LP98b, LC00, LPC01, LC03, LC02]
properties of the χ2 goodness-of-fit tests (Pearson, Rao-Robson-Nikulin [Nik73,NC73,
RR74,GN96]) were included to the developed recommendations [Rec02i].

The power of the χ2 Dzhaparidze–Nikulin test has been investigated depending on
the grouping method and the number of intervals. The problem of power maximization
for the χ2 Pearson and Rao–Robson–Nikulin tests has been investigated for specified
pairs of competing hypotheses. Moreover, we have considered the use of the so called
Neumann–Pearson intervals [GN96], for which the boundary points coincide with cross
points of density functions of competing hypotheses. It has been shown that such
intervals are reasonable to be used. But at the same time, the use of these intervals
doesn’t ensure the maximal power of the test for given pair of competing hypotheses.

32.5 The Comparative Analysis of the Power of
Goodness-of-Fit Tests

The power of a number of nonparametric and parametric goodness-of-fit tests with
respect to a series of pairs of competing hypotheses has been studied [LLP07,LLP09,
LLP08] in case of testing simple and composite hypotheses by statistical simulation
methods. We can rank the tests by power for simple hypothesis testing as follows:

χ2 Pearson (AOG) � Ω2 Anderson–Darling � ω2 Mises �= Kolmogorov.
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This scale holds while using asymptotically optimal grouping in the Pearson χ2

test, which minimizes the losses in the Fisher information. For quite close hypotheses,
the advantage by power of the Pearson χ2 test can be essential.

In testing composite hypotheses the preference sequence turns out to be quite
different:

Ω2 Anderson–Darling � ω2 Mises � Y 2
n Rao–Robson–Nikulin (AOG) �

� χ2 Pearson (AOG) � Kolmogorov.

For very close competing hypotheses the following sequence can take place:

Ω2 Anderson–Darling � Y 2
n Rao–Robson–Nikulin (AOG) � ω2 Mises �

� χ2 Pearson (AOG) � Kolmogorov.

The conclusions stated have an integrated nature.

32.6 The Investigation of Statistic Distributions and the Power
of Normality Tests

Statistic distributions and the power of a number of criteria for testing deviation
from the normal law (Shapiro-Wilk, Epps-Pulley, D’Agostino, Frosini, Hegazy-Green,
Spiegelhalter, Geary, David-Hartley-Pearson and some others) have been investigated
in [LL05a,LR09].

The considered tests can be ranked by power as follows:

Geary � Spiegelhalter � Hegazy-Green (T2) � Hegazy-Green (T1) �
� Epps-Pulley � David-Hartley-Pearson � Shapiro-Wilk � Frosini.

The advantages and disadvantages of various tests have been shown. It has been
shown for the first time that for small sample sizes a number of tests are biased, in-
cluding the Spiegelhalter, Shapiro-Wilk, Epps-Pulley and Hegazy-Green tests relative
to symmetrical alternatives with the kurtosis value less than three. Some of the consid-
ered tests are not reasonable to be applied at all because of their fundamental disadvan-
tages. The normality tests have been compared by power with the goodness-of-fit tests.

32.7 The Investigation of Homogeneity Test Statistic
Distributions

The homogeneity tests are intended for checking whether two random samples repre-
sented by the variation series

x1 < x2 < · · · < xm and y1 < y2 < · · · < yn

belong to the same distribution, i.e. H0 : F (x) = G(x) for any x.
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Figure 32.5. The Smirnov statistic distributions when the null hypothesis is true depending
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The statistic distributions and the power of the Smirnov and Lehmann–Rosenblatt
tests for homogeneity of two samples were investigated in [LL05b]. The Smirnov test
statistic is a discrete random variable and its distribution converges slowly (from the
left!) to the limiting Kolmogorov distribution (see Fig. 32.5). Hereupon, the use of the
Kolmogorov distribution K(s) as the limiting law when sample sizes are limited lead to
the overrated values of significance level achieved and, hence, to increasing the number
of beta errors. The recommendations of choosing sample sizes m and n are given in this
paper. The empirical correction for the Smirnov statistic which improves convergence
of the statistic distribution to the limiting Kolmogorov law has been obtained.

The power of the Lehmann–Rosenblatt test, as a rule, turns out to be higher than
the power of the Smirnov test.

32.8 The Investigation of Statistic Distributions and the Power
of Tests for Homogeneity of Means

The comparative analysis of the power of parametric and nonparametric criteria used
for testing homogeneity of means has been carried out in [LL08]. In the general case,
the hypothesis of mathematical expectations equality corresponding to k samples has
the form

H0 : μ1 = μ2 = · · · = μk
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under the competing hypothesis

H1 : μi1 �= μi2

for at least some pair of indices i1, i2.
There are a number of parametric tests that may be used to compare two sam-

ple means to check some hypothesis H0: with known variances; with unknown, but
equal variances (Student’s test); with unknown and unequal variances; and with the
F-test. There also exists a number of nonparametric tests that may be used for this
purpose, e.g., the Wilcoxon, Mann–Whitney, and Kruskal–Wallis tests. Membership of
the particular sample being analyzed to a normal law is the basic assumption deter-
mining whether parametric tests should be used. Nonparametric tests are free of this
requirement.

It has been shown that parametric tests associated with testing a hypothesis of
mathematical expectations are robust with respect to deviations of the observed laws
from the normal distribution. If the distribution law (laws) of analyzed samples is differ-
ent from the normal law but doesn’t have the “heavy tails” than the use of parametric
tests is correct, at least it doesn’t result in considerable errors.

Some conclusions can be arrived on the basis of the test power investigation re-
sults. Firstly, the parametric tests have the greater power than do nonparametric tests.
Secondly, it may be stated that nonparametric tests are absolutely slightly inferior in
terms of power to parametric tests, thus, the Mann–Whitney test is inferior to the
Student’s test, and the Kruskal–Wallis test to the Fisher test, respectively.

32.9 The Investigation of Statistic Distributions and the Power
of Tests for Homogeneity of Variances

One of the main assumptions which should be taken into account while constructing
the classical tests for homogeneity of variances is the normality of observed random
variables (measurement errors). Therefore, the application of classical tests is always
associated with the question whether obtained conclusions are correct in a certain
situation. The conditional test statistic distributions relative to a true hypothesis under
test, as a rule, change significantly if the assumption of the normal distribution of
analyzed random variables is disturbed.

The tested hypothesis about equality of variances in k samples has the form

H0 : σ2
1 = σ2

2 = · · · = σ2
k,

And the competing hypothesis is

H1 : σ2
i1 �= σ2

i2 ,

where inequality holds at least for one pair of indices i1, i2.
The distributions of the classical test statistics have been investigated in case when

distributions of observed random variables differ from the normal law. The possibility
of the classical tests application under conditions of non-normal distributions has been
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studied. The comparative analysis by power of the classical variance homogeneity tests
(Fisher’s, Bartlett’s, Cochran’s, Hartley’s and Levene’s tests) and the nonparametric
(rank) tests Ansari–Bradley, Mood’s, Siegel–Tukey tests) have been carried out by
statistical simulation methods in [LM04b,LP06] and further works.

We have investigated the power of Fisher’s, Bartlett’s, Cochran’s, Hartley’s and
Levene’s tests relative to the competing hypothesis of the kind H1 : σ2 = dσ1, d �= 1,
for the number of samples k = 2 in case of normal distribution of random variables. It
has been shown that in this situation the Fisher, Bartlett, Cochran and Hartley tests
are equal by power. The Levene test considerably yields to them.

The Fisher, Bartlett, Cochran and Hartley tests remain to be equal by power if the
random variable distribution is different from the normal law, e.g. in case of belonging
of two analyzed samples to the double-exponential distribution law, and the Levene
test yields to them. But in case of distributions with “heavy tails” the Levene test has
an advantage in power.

The tests of Bartlett, Cochran, Hartley and Levene may be applied for number of
samples k > 2. In such situations, the power of these tests turns out to be different.
When the assumption of the normal distribution holds for k > 2 these tests may be
ranked by power decrease as follows:

Cochran � Bartlett � Hartley � Levene.

This preference order also holds in case when the normality assumption is disturbed.
An exception concerns the situations when samples belong to some distributions which
have more heavy tails than the normal law. For example, in case of belonging samples
to the Laplace distribution the Levene test turns out to be slightly more powerful than
three others.

The results of investigating the nonparametric tests have shown an evident advan-
tage of the Mood test and practical equivalence of the Ansari–Bradley and Siegel–Tukey
tests. The nonparametric tests are obviously inferior by power to the Bartlett, Cochran,
Hartley and Levene tests. In Fig. 32.6, there are the graphs of the test power relative
to the competing hypotheses H1

1 : σ2 = 1.1σ1 and H2
1 : σ2 = 1.5σ1 depending on

the sample sizes ni for α = 0.1 in case of the normal law. As it is seen from the figure
the power of Cochran’s test comparing with the most powerful nonparametric Mood’s
test is rather considerable. Let us remind that in case of two samples the power of the
Fisher, Bartlett, Cochran and Hartley tests coincide.

The distributions of nonparametric tests don’t depend on the observed distribution
law if both samples belong to one and the same family of distributions. But if samples
have different distributions than for the true tested hypothesis H0 of variance homo-
geneity the distributions of nonparametric test statistics change: they depend on these
distribution laws.

The classical tests have a considerable advantage by power over the nonparametric
tests. This advantage remains even when analyzed samples belong to the distribution
which is considerably different from the normal law. So there are all reasons for in-
vestigation of the classical test statistic distributions (construction of the distribution
models or the tables of percentage points) for the non-normal laws frequently used in
practice. The Cochran test is the most appropriate for this role among the considered
tests.

The table of upper percentage points (1%, 5%, 10%) of the Cochran test (for the
numbers of samples k = 2/5) have been constructed in case of some certain families
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of observed random variable distributions for a number of sample size values n. The
developed software system enables to solve this problem for any random variable dis-
tribution law and for any classical test of variance homogeneity, as well as it enables
to construct models of statistic distributions for these tests when necessary.

32.10 Conclusion

The computer simulation technique of data analysis and investigation of probabilistic
regularities have been used for solving other problems of applied mathematical statis-
tics. In particular, we have investigated the robustness and power of the Abbe test used
for testing hypothesis about the trend absence [Lem06]. The distributions of the Grabbs
test statistic used in tasks of rejecting anomalous measurements have been investigated
by statistical simulation methods in case when an observed law is different from the
normal distribution [LL05c]. The statistic distributions of classical criteria of testing
hypotheses about variances have been investigated when a random variable distribution
differs from the normal law [LP04a]. We have developed the facilities of modeling and
investigating the distribution laws of arbitrary functions of random variables and func-
tions of random variable systems as well as the facilities of constructing approximate
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models for these distribution laws [LC07]. We have also developed the technique for
simulation and investigation of distributions of multivariate random variables statistics
[LP02].

So we can state that the computer technologies of data analysis and investigation of
probabilistic and statistical regularities present the powerful tool for the development
and improvement of the applied mathematical statistics apparatus including solving
problems of reliability and survival analysis.

At the same time there are some own problems on the way of developing the com-
puter technologies of data analysis and statistical regularities research [LP04b]. First
of all, the construction of sufficiently precise models; for example, the models of test
statistic distributions, basing on statistical simulation results frequently requires large
amount of simulations (tens and hundreds hours of processor time). Secondly, the clas-
sical results involve mainly the most elementary situations. In more complicated cases,
the decision can turn out to be ambiguous. For example, the distribution of some test
statistic may depend on the value of a certain parameter of observed distribution law
and cannot be expressed in the form of regularity, someway depending on this param-
eter. This means that the statistic distribution changes in dependence on solved task
conditions. There exists the infinite number of combinations of the conditions and so it’s
impossible to construct an infinite number of models for all the affairs. Consequently, it
turns out to be reasonable to construct a probabilistic model “in real time” when there
occurs the necessity of decision making under conditions of available assumptions. It
means that when testing a statistical hypothesis we have to specify the test statistic
distribution, corresponding to the true hypothesis under test, in process of statistical
analysis itself. And then basing on this distribution one will reject or will not reject
the hypothesis under test. For the present condition of computing facilities and en-
couraging perspectives of their development the achievement of the purpose is feasible
by organizing distributed computations using free facilities of computers and computer
clusters in the networks. Our computing experiments have confirmed the possibility
and efficiency of such approach because of comparatively simple paralleling simulation
operations.

Acknowledgements. These researches have been performed with partial support from
the Russian Foundation for Basic Research (Grant No. 09-01-00056-a) and the Federal
Agency on Education of the Ministry of Education and Science of the Russian Federa-
tion within the framework of the analytical departmental targeted program “Develop-
ment of higher school scientific potential” (Project No. 2.1.2/3970) and federal targeted
program of the Ministry of Education and Science of the Russian Federation “Scientific
and scientific-educational personnel of innovation Russia” (Projects NK-15P/15, NK-
178P/1, NK-437P/6).

References

[Lem97a] Lemeshko, B.Yu.: Robust methods for the estimation and rejection of anomalous
measurements. Ind. Lab., V.63, N 5, 297–302 (1997)

[Lem97b] Lemeshko, B.Yu.: Grouping observations as the way to obtain robust estimates.
Reliab. Qual. Contrl., V.5, 26–35 (1997) [In Russian]



430 E.V. Chimitova et al.

[LGP01] Lemeshko, B.Yu., Gildebrant, S.Ya., Postovalov, S.N.: On the estimation of
reliability parameters by censored samples. Ind. Lab. Mat. Diag., V.67, N 1,
52–64 (2001) [In Russian]

[Lem01] Lemeshko, B.Yu.: On the estimation of distribution parameters and test-
ing hypotheses by censored samples. Methods Qual. Manag., V.4, 32–38 (2001)
[In Russian]

[KKW55] Kac, M., Kiefer, J., Wolfowitz, J.: On tests of normality and other tests of goodness
of fit based on distance methods. Ann. Math. Stat., V.26, 189–211 (1955)

[LP99] Lemeshko, B.Yu., Postovalov, S.N.: On the rules of testing goodness-of-fit of
empirical distribution with a theoretical law. Methods of Quality Management.
Reliab. Qual. Contrl., V.11, 34–43 (1999) [In Russian]

[LP98a] Lemeshko, B.Yu., Postovalov, S.N.: On the distributions of nonparametric
goodness-of-fit test statistics when estimating distribution parameters by sam-
ples. Ind. Lab. Mat. Diag., V.64, N 3, 61–72 (1998) [In Russian]

[LP01] Lemeshko, B.Yu., Postovalov, S.N.: Application of the nonparametric goodness-
of-fit Tests in testing composite hypotheses. Optoelectronics, Instrument. Data
Process., V.2, 76–88 (2001)

[Rec02ii] R 50.1.037-2002. Recommendations for Standardization. Applied Statistics.
Rules of Check of Experimental and Theoretical Distribution of the Consent.
Part II. Nonparametric Goodness-of-Fit Tests. Publishing House of the Standards,
Moscow (2002) [In Russian]

[LM04a] Lemeshko, B.Yu., Maklakov, A.A.: Nonparametric test in testing composite
hypotheses on goodness of fit exponential family distributions. Optoelectron.
Instrument. Data Process., V.40, N 3, 3–18 (2004)

[Lem04] Lemeshko, B.Yu.: Errors when using nonparametric fitting criteria. Meas. Tech.,
V.47, N 2, 134–142 (2004)

[DELT04] Denisov, V.I., Eger, K.-H., Lemeshko, B.Yu., Tsoy, E.B.: Design of Experiments
and Statistical Analysis for Grouped Observations. NSTU Publishing House,
Novosibirsk (2004)

[LL09a] Lemeshko, B.Yu., Lemeshko, S.B.: Models of statistic distributions of nonpara-
metric goodness-of-fit tests in composite hypotheses testing in case of double
exponential law. In: Sakalauskas, L., Skiadas, C., Zavadskas, E.K. (eds) Proceed-
ings of the 13th International Conference “Applied Stochastic Models and Data
Analysis” (ASMDA-2009), Selected Papers. Technika, Vilnius, 153–157 (2009)

[LNS09] Lemeshko, S.B., Nikulin, M.S., Saaidia, N.: Simulation of the statistics distribu-
tions and power of the goodness-of-fit tests in composite hypotheses testing rather
inverse Gaussian distribution. In: Ermakov, S.M., Melas, V.B., Pepelyshev, A.N.
(eds) Proceedings of the 6th St. Petersburg Workshop on Simulation. VVM comm.
Ltd., St. Petersburg, V.1, 323–328 (2009)

[LL09b] Lemeshko, B.Yu., Lemeshko, S.B.: Distribution models for nonparametric tests
for fit in verifying complicated hypotheses and maximum-likelihood estimators.
Part I. Meas. Tech., V.52, N 6, 555–565 (2009)

[LL09c] Lemeshko, B.Yu., Lemeshko, S.B. Models for statistical distributions in nonpara-
metric fitting tests on composite hypotheses based on maximum-likelihood esti-
mators. Part II. Meas. Tech., V.52, N 8, 799–812 (2009)

[DL79] Denisov, V.I., Lemeshko, B.Yu.: Optimal grouping in experimental data process-
ing. In: Measuring Information Systems. Novosibirsk, 5–14 (1979) [In Russian]

[DLT93] Denisov, V.I., Lemeshko, B.Yu., Tsoy, E.B.: Optimal Grouping, Parameter
Estimation and Design of Regression Experiments. In 2 parts. NSTU Publish-
ing House, Novosibirsk (1993) [In Russian]

[Lem97c] Lemeshko, B.Yu.: Asymptotically optimal grouping of observations is ensuring of
maximal test power. Reliab. Qual. Contrl., V.8, 3–14 (1997) [In Russian]



32 Software System for Simulation and Research of Probabilistic Regularities 431

[Lem98] Lemeshko, B.Yu.: Asymptotically optimal grouping of observations in goodness-
of-fit tests. Ind. Lab. Mat. Diag., V.64, N 1, 56–64 (1998) [In Russian]

[LP98b] Lemeshko, B.Yu., Postovalov, S.N. On the dependence of the limiting statistic
distributions of the Pearson chi-squire and the likelihood ratio tests upon the
grouping method. Ind. Lab. Mat. Diag., V.64, N 5, 56–63 (1998) [In Russian]

[LC00] Lemeshko, B.Yu., Chimitova, E.V.: Maximization of the power of chi-squire tests.
Papers of Siberian branch of the Academy of Sciences of higher school, V.2, 53–61
(2000) [In Russian]

[LPC01] Lemeshko, B.Yu., Postovalov, S.N., Chimitova, E.V.: On statistic distributions
and the power of the Nikulin chi-squire test. Ind. Lab., V.67, N 3, 52–58 (2001)
[In Russian]

[LC03] Lemeshko, B.Yu., Chimitova, E.V.: On the choice of the number of intervals in
chi-squire goodness-of-fit tests. Ind. Lab. Mat. Diag., V.69, N 1, 61–67 (2003)
[In Russian]

[LC02] Lemeshko, B.Yu., Chimitova, E.V.: Errors and incorrect procedures when utilizing
χ2 fitting criteria. Meas. Tech., V.45, N 6, 572–581 (2002)

[Nik73] Nikulin, M.S.: On a chi-squared test for continuous distributions. Theory Probab.
Appl., V.18, N 3, 638–639 (1973) [In Russian]

[NC73] Nikulin, M.S.: Chi-squared test for continuous distributions with shift and scale
parameters. Theory Probab. Appl., V.18, N 3, 559–568 (1973) [In Russian]

[RR74] Rao, K.C., Robson, D.S.: A chi-squared statistic for goodness-of-fit tests within
the exponential family. Commun. Statist., V.3, 1139–1153 (1974)

[GN96] Greenwood, P.E., Nikulin, M.S.: A Guide to Chi-Squared Testing. Wiley, New
York (1996)

[Rec02i] R 50.1.033-2001. Recommendations for Standardization. Applied Statistics. Rules
of Check of Experimental and Theoretical Distribution of the Consent. Part I.
Goodness-of-Fit Tests of Chi-Square Type. Publishing House of the Standards,
Moscow (2002) [In Russian]

[LLP07] Lemeshko, B.Yu., Lemeshko, S.B., Postovalov, S.N.: The power of goodness of fit
tests for close alternatives. Meas. Tech., V.50, N 2, 132–141 (2007)

[LLP09] Lemeshko, B.Yu., Lemeshko, S.B., Postovalov, S.N.: Comparative analysis of the
power of goodness-of-fit tests for near competing hypotheses. I. The verification
of simple hypotheses. J. Appl. Ind. Math., V.4, N 4, 462–475 (2009)

[LLP08] Lemeshko, B.Yu., Lemeshko, S.B., Postovalov, S.N.: Comparative analysis of the
power of goodness-of-fit tests for near competing hypotheses. II. The verification
of composite hypotheses. Siberian J. Ind. Math., V.11, N 4(36), 78–93 (2008)

[LL05a] Lemeshko, B.Yu., Lemeshko, S.B.: Comparative analysis of criteria of testing de-
viation from the normal law. Metrology, V.2, 3–24 (2005) [In Russian]

[LR09] Lemeshko, B.Yu., Rogozhnikov, A.P.: The investigation of features and the power
of some tests for normality. Metrology, V.4, 3–24 (2009) [In Russian]

[LL05b] Lemeshko, B.Yu., Lemeshko, S.B.: Statistical distribution convergence and homo-
geneity test power for the Smirnov and Lehmann-Rosenblatt tests. Meas. Tech.,
V.48, N 12, 1159–1166 (2005)

[LL08] Lemeshko, B.Yu., Lemeshko, S.B.: Power and robustness of criteria used to verify
the homogeneity of means. Meas. Tech., V.51, N 9, 950–959 (2008)

[LM04b] Lemeshko, B.Yu., Mirkin, E.P.: Bartlett and Cochran tests in measurements with
probability laws different from normal. Meas. Tech., V.47, N 10, 960–968 (2004)

[LP06] Lemeshko, B.Yu., Ponomarenko, V.M.: The investigation of distributions of statis-
tic used for testing hypotheses of variances homogeneity for non-normal error
distributions. Sci. Herald of NSTU, V.2, N 23, 21–33 (2006) [In Russian]

[Lem06] Lemeshko, S.B.: The Abbe independence test with deviations from normality.
Meas. Tech., V.49, N 10, 962–969 (2006)



432 E.V. Chimitova et al.

[LL05c] Lemeshko, B.Yu., Lemeshko, S.B.: Extending the application of Grubbs-type tests
in rejecting anomalous measurements. Meas. Tech., V.48, N 6, 536–547 (2005)

[LP04a] Lemeshko, B.Yu., Pomadin, S.S.: Testing hypotheses about mathematical expec-
tations and variances in problems of metrology and quality control when prob-
abilistic laws are different from the normal law. Metrology, V.3, 3–15 (2004)
[In Russian]

[LC07] Lemeshko, B.Yu., Ogurtsov, D.V.: Statistical modeling as an effective instrument
for investigating the distribution laws of functions of random quantities. Meas.
Tech., V.50, N 6, 593–600 (2007)

[LP02] Lemeshko, B.Yu., Pomadin, S.S.: Correlation analysis of observations of multi-
dimensional random variables with deviations from normality. Siberian J. Ind.
Math., V.5, N 3, 115–130 (2002) [In Russian]

[LP04b] Lemeshko, B.Yu., Postovalov, S.N.: Computer Technologies of Data Analysis
and Investigation of Statistical Regularities: Textbook. NSTU Publishing House,
Novosibirsk (2004) [In Russian]


	32  Software System for Simulation and Research of Probabilistic Regularities and Statistical Data Analysis in Reliability and Quality Control
	32.1 Introduction
	32.2 The Investigation of Parameter Estimates Properties
	32.3 The Investigation of Nonparametric Goodness-of-Fit Test Statistic Distributions
	32.4 The Investigation of Statistic Distributions and the Powerof 2 Tests
	32.5 The Comparative Analysis of the Power of Goodness-of-Fit Tests
	32.6 The Investigation of Statistic Distributions and the Power of Normality Tests
	32.7 The Investigation of Homogeneity Test Statistic Distributions
	32.8 The Investigation of Statistic Distributions and the Power of Tests for Homogeneity of Means
	32.9 The Investigation of Statistic Distributions and the Power of Tests for Homogeneity of Variances
	32.10 Conclusion
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated v2 300% \050ECI\051)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Perceptual
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 149
  /ColorImageMinResolutionPolicy /Warning
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 149
  /GrayImageMinResolutionPolicy /Warning
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 150
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 599
  /MonoImageMinResolutionPolicy /Warning
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
    /DEU <>
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [595.276 841.890]
>> setpagedevice


